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Viz.ai
in Workflow |
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Door-In : ; [reatment
Scan Consults Transfer ¥

Spoke Hospital Hub Hospital

Viz alerts multidisciplinary care teams earlier in the workflow, coordinating care by connecting frontline health care professionals

(HCPs) to specialists facilitating efficient communication and coordinating care.

Courtesy: https://www.vizai/large-vessel-occlusion
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Improve Qutcomes

Time Saved: PSC Imaging to CSC Arrival

39% Mean Reduction in Time from PSC Imaging to CSC Arrival {min)’

Post-Viz
(N=28)

105

W Time (mink p = 00163

Hassan A, et ol Irtervontionsl Neuroradiclogy, 2020

Improved Clinical Outcomes

Mean 5-Day NIHSS and Discharge mRS; median 90-Day mRS (p<0.05)'

s m
n 51% 0.02

5-DayNIHSS 22
Discharge mRS 4.6 29 7% 0.03
90-DaymRS 5.0 30 40% 0.02
Morey A, Fili J, ot ol hitps:dfdoi org/10.1101/2020.07 02 20143834, 2020.

Courtesy: https://www.viz.ai/large-vessel-occlusion
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Increase Access to Care

Greater Patient Access to Care

16% Increase in Patients that Qualify for Thrombectomy”

278

Pre-Viz ] Post-Viz

Fros D, ot ol. How Vie Has Impactod My Pracice. Stroke Webinar 2020.
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